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EVALUASI KOMPARATIF ALGORITMA MACHINE LEARNING
SVM+TF-1DF DENGAN RANDOM FOREST+WORD EMBEDDING

FASTTEXT UNTUK DETEKSI HOAKS DI INDONESIA
Abstrak

Hoaks berbahasa Indonesia terus meningkat penyvebarannyva di media digital dan sulit
dibedakan secara manual dari berita valid, sehingga diperlukan metode klasifikasi teks vang
akurat untuk mendeteksinya. Penelitian ini bertujuan mengevaluasi dan membandingkan
kinerja algoritma Support Vector Machine (SVM) dengan fitur Term Frequency-Inverse
Document Frequency (TF-IDF) dan Random Forest dengan Word Embedding Fastlext

dalam mendeteksi hoaks berbahasa Indonesia. Penelitian menggunakan pendekatan
kuantitatif eksperimental melalui tahapan pengumpulan dataset dari portal TurnBackHoax
dan Detik.com, preprocessing, ekstraksi fitur, dan pelatihan model dengan skema Stratified
5-Fold Cross Validation, serta evaluasi menggunakan metrik Accuracy, Precision, Recall
dan F1-Score. Hasil pengujian menunjukkan model Support Vector Machine (SVM) dengan
Term Frequency-Inverse Document Frequency (IF-IDF) memperoleh performa terbaik
dengan Accuracy 99,52%, Precision 99,54%, Recall 99,50%, dan FI1-Score 99,52%,
sedangkan Random Forest dengan Word Embedding FastText memperoleh Accuracy
94,18%, Precision 94,40%, Recall 93,94%, dan F1-Score 94,12%. Hasil ini meningkat
signifikan dibandingkan penelitian sebelumnya, yvang hanva memperoleh Accuracy 50%,
Precision 51%, Recall 51%, dan F1-Score 51% untuk Support Vector Machine (SVM) dengan
Term Frequency-Inverse Document Frequency (I'F-IDF), serta Accuracy 70,27%, Precision
80%, Recall 54%, dan F1-Score 54% untuk Random Forest dengan Word Embedding
FastText. Kombinasi SVM dan TF-IDF terbukti lebih efektif, dan penelitian ini diharapkan

menjadi referensi bagi pengembangan sistem deteksi hoaks di Indonesia.

Kata kunci: Deteksi Hoaks, Support Vector Machine, Random Forest, Term Frequency-
Inverse Document Frequency, Word Embedding FastText.

Abstract

Indonesian hoaxes continue to spread increasingly on digital media and are difficult to distinguish
manually from valid news, requiring an accurate text classification method for detecting them. This
study aims to evaluate and compare the performance of the Support Vector Machine (SVM) algorithm
with Term Frequency-Inverse Document Frequency (TF-IDF) features and Random Forest with
Word Embedding FastText in detecting Indonesian hoaxes. The study employs a quantitative
experimental approach through stages of dataset collection from the TurnBackHoax and Detik.com
portals, preprocessing, feature extraction, and model training using a Stratified 5-Fold Cross
Validation scheme, with evaluation based on Accuracy, Precision, Recall, and FI1-Score metrics.
The experimental results show that the Support Vector Machine (SVM) with Term Frequency-Inverse
Document Frequency (TF-IDF) model achieved the best performance with an Accuracy of 99,52%,
Precision of 99,54%, Recall of 99,50%, and F1-Score of 99,52%, while Random Forest with Word
Embedding FastText obtained an Accuracy of 94,18%, Precision of 94,40%, Recall of 93,94%, and
F1-Score of 94,12%. These results show a significant improvement compared to previous research,
which only achieved an Accuracy of 50%, Precision of 51%, Recall of 51%, and FI1-Score of 51%
for SVM with TF-IDF, as well as an Accuracy of 70.27%, Precision of 80%, Recall of 54%, and F1-
Score of 54% for Random Forest with Word Embedding FastText. The combination of SVM and TF-
IDF proved to be more effective, and this study is expected to serve as a reference for the development

of hoax detection systems in Indonesia.

Keywords: Hoax Detection, Support Vector Machine, Random Forest, Term Frequency-
Inverse Document Frequency, Word Embedding FastText.
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