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ANALISIS SENTIMEN KOMENTAR INSTAGRAM
MENGGUNAKAN ALGORITMA SUPPORT VECTOR MACHINE
(SVM)

Abstrak

Instagram merupakan media sosial dengan volume interaksi komentar yvang sangat tinggi,
sehingga rentan menjadi wadah munculnya komentar bersifat cvberbullying. Sifat komentar
vang tidak terstruktur, beragam, dan subjektif membuat analisis manual menjadi tidak
efisien, sehingga dibutuhkan pendekatan otomatis melalui analisis sentimen. Penelitian ini
bertujuan mengukur performa algoritma Support Vector Machine (SVM) dalam
mengklasifikasikan komentar cyberbullying pada Instagram berbahasa Indonesia, serta
menganalisis pengaruh kombinasi Word TF-IDF dan Character TF-IDF dengan delapan
variasi nilai parameter C terhadap performa model. Dataset vang digunakan berjumlah 650
komentar dari Kaggle dengan proporsi seimbang antara komentar non-bullving dan
bullving. Tahapan penelitian meliputi preprocessing, ekstraksi fitur N-gram yang
dibobotkan dengan kombinasi Word dan Character TF-IDF, kemudian diklasifikasikan
menggunakan SVM kernel linear dan dievaluasi dengan 5-Fold Cross Validation. Hasil
eksperimen menunjukkan bahwa parameter C = 0,5 menghasilkan performa terbaik dengan
rata-rata akurasi 86,77%, precision 86,81%, recall 86,77%, dan F1-score 86,76%. Hasil
ini membuktikan bahwa kombinasi Word dan Character TF-IDF mampu menangkap variasi
penulisan bahasa tidak baku, sehingga model SVM yang dibangun terbukti andal dan stabil
dalam mendeteksi cyberbullying di Instagram.

Kata Kunci: Analisis Sentimen, Cyvberbullying, Support Vector Machine, TF-IDF,
Instagram

Abtract

Instagram is a social media platform with an extremely high volume of comment
interactions, making it prone to cvberbullying comments. Because such comments are
unstructured, diverse, and subjective, manual analysis becomes inefficient, requiring an
automated approach through sentiment analysis. This research aims to measure the
performance of the Support Vector Machine (SVM) algorithm in classifving cvberbullying
comments on Indonesian-language Instagram, and to analyze the effect of combining Word
TF-IDF and Character TF-IDF with eight variations of parameter C on model performance.
The dataset consists of 650 comments from Kaggle with a balanced distribution between
non-bullying and bullying comments. The research stages include preprocessing, N-gram
feature extraction weighted using a combination of Word and Character TF-IDF, followed
by classification using a linear-kernel SVM evaluated with 5-Fold Cross Validation. The
results show that parameter C = 0.5 produced the best performance, achieving an average
accuracy of 86.77%, precision of 86.81%, recall of 86.77%, and F1-score of 86.76%. These
findings prove that combining Word and Character TF-IDF effectively captures non-
standard language variations, making the resulting SVM model reliable and stable in
detecting cyberbullying on Instagram.

Keywords: Sentiment Analysis, Cyberbullying, Support Vector Machine, TF-IDF, Instagram
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